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Abstract—Identifying the consumption patterns of 

electric customers and grouping them to classes according 
to their load characteristics can be very meaningful for 
power supply and demand side management in smart grid. 
Previously, tariff structures are mainly based on the type 
of activity. However, the type of activity and electrical 
behavior of the customer have poor relationship. Using 
clustering techniques to classify customer according to 
load curves is more meaningful. This paper proposes a 
two-stage clustering algorithm combining supervised 
learning methods to classify electric customer. Firstly, 
clustering results are obtained based unsupervised 
learning method. Clustering method and number to get the 
result of first-stage are selected via the clustering 
evaluation index. Secondly, customers are reclassified 
using supervised learning algorithm. Different supervised 
learning algorithms for second-step reclassification are 
compared in the case studies. Case studies show that 
second-step reclassification can make up for the weakness 
of first-step clustering in load shape similarity. 
 

Index Terms—Load clustering; data mining for power system; 
load shape; supervised learning algorithm 

 

I.  INTRODUCTION 

ith the development of smart grid, more and more smart 
meters are installed into distribution networks[1].  
Consumption behaviors of customers are known 

through load curves data collected from smart meters. The 
demand side data is important for the operation and control of 
the distribution network [2],[3]. Clustering technology is very 
useful for data mining in smart gird. In competitive electricity 
market with severe uncertainties[4]-[6], performing effective 
customer classification according to customers’ electrical 
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behavior is important for setting up new tariff offers [7]. In the 
past, tariff structures are mainly based on the type of economic 
activities. However, the types of economic activities have poor 
relationship with the electrical behavior of the customer [7]. 
Using clustering techniques to classify customers according to 
load curves is more meaningful. Besides, conducting load 
pattern analysis by clustering load curves is also important for 
load forecasting [8]-[10], making marked strategies [11], and 
demand side management [12], [13].  
 Various methods for clustering load curves have been used 
in recent years. such as K-means[14],[15], fuzzy c-
means(FCM)[16],[17], hierarchical methods[18],[19], self-
organizing map (SOM)[20], support vector machine 
(SVM)[21],[22], subspace projection Method [23]. Most of 
these methods are based on load curves of the full dimension. 
The advantage of clustering based on the Euclidean distance 
of the full dimension load curve is to consider the value of the 
full time period of the load curve, with the most information. 
However, the above methods also have shortcoming that they 
cannot fully guarantee the similarity of time series shapes as 
the Euclidean distance only represents the similarity of 
geometric mean distance [23]. In addition, the above method 
is easily affected by noise and peak value. Some other indices 
have been extracted to represent the load shape information, 
such as the rate of load and peak valley ratio, peak load rate, 
valley load rate [18],[24]. The same type of users should have 
similar load shape indexes. But the load shape indices are the 
reduction of the dimensionality of the original curve. 
Clustering the load curve directly according to the load shape 
indices has much information loss [18].  

In order to improve the deficiency of the whole dimension 
load curve clustering, this paper proposes a two-stage 
clustering algorithm combining the whole dimension load 
curve and load shape indices. Firstly, clustering results are 
obtained using classical clustering methods. Clustering 
method and number are selected via the clustering evaluation 
index. Many indices are proposed to evaluate the clustering 
result in the previous paper, such as mean index adequacy 
(MIA), clustering dispersion indicator (CDI), similarity matrix 
indicator (SMI), Davies---Bouldin index (DBI), within cluster 
sum of squares to between cluster variation (WCBCR) and so 
on [7],[18],[19],[24]. In the paper , MIA is used to evaluate 
the clustering performance and clustering number is selected 
by finding the ‘‘knee’’ of the MIA curve [14], [15]. Secondly, 
customers are reclassified using supervised learning algorithm 
based on load shape indices. In the study, daily load data of 
10kV distribution network in a Chinese Southeast coastal city 
are utilized for load clustering. Different supervised learning 
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algorithms including SVM, random forest and K nearest 
neighbors (KNN) are utilized to improve the performance of 
load shape indices and the loss of the original curve 
information. Case studies demonstrate that SVM has better 
performance at the second stage. The computation efficiency 
of the reclassification method is also investigated at the second 
stage. In general, the proposed method can improve the full 
dimensions load curve clustering in load shape similarity.  

This remainder of the paper is organized as follows: The 
mathematical backgrounds are introduced in Section II .The 
basic idea of the algorithm is presented in Section III. In 
Section IV, case studies are conducted and analyzed. Finally, 
the conclusion is given in Section V. 

II.  MATHEMATICAL BACKGROUND 

A.  Clustering Method  

    1)  K-means Clustering Algorithm 
K-means algorithm is a partition based clustering algorithm 

[25]. Firstly, k points are chosen as the clustering centers; then 
samples close to the center point are classified to it. The 
iteration are repeated until the objective function converges or 
to the maximum number of iterations. 

The objective function of  K-means algorithm is defined 
as， 
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where 2 ( , )j id x c  is the Euclidean distance from the sample 

point to the cluster center; k is the number of clusters; ni is the 
number of samples in cluster i; ci is the cluster center of the 
cluster i. 
    2)  Fuzzy c-Mean Algorithm (FCM) 
 The fuzzy c-means is similar to K-means algorithm, and the 
final clustering results are obtained by iteration [26]. Different 
from K-means algorithm, each of the samples belong to 
different cluster centers through the membership degree, 
rather than only the slave of only one center. The objective 
function of Fuzzy c-mean algorithm is defined as, 
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where uij is the membership degree of xj for cluster i, m is the 
fuzzy index, uij  satisfies the following constraint, 
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    3)  Ward Algorithm 
The Ward algorithm is a hierarchical clustering method 

[27]. First each sample is regarded as a separate class, and 
then samples are combined step by step. Each merge chooses 
two clusters that make the minimum increasing of the sum of 
squares of deviations. 

B.  Cluster Evaluation Index. 

Commonly used load clustering evaluation indicators are 
MIA, clustering dispersion indicator (CDI), SMI, DBI, 
WCBCR and so on [18],[19],[24], this paper uses the MIA 

index to evaluate the performance of clustering. In this paper, 
the distance between two vectors is defined as, 
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where
( )il is the  feature vector of the ith user, ( )i

tl is the tth 

element of 
( )il . T is the number of time periods. The MIA 

index is defined as, 
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where jΩ  is the set of all load of class j, jω  is the average of 

the vector of class j, Nj is the total number of class j. Smaller 
MIA value shows better clustering effect. 

C.  Classical Supervised Learning Algorithm 

    1)  Classification and Regression Tree (CART) 
CART is a kind of decision tree algorithm with two fork 

tree [28]. Each non leaf node divides the current sample into 
two subsets according to some attribute. Gini index is used to 
choose the attribute, defined as, 
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where m is the number of clusters for the data set D, and pj is 
the percentage of cluster j. The messier the classification is, 
the greater the Gini index is. For each node, the origin set D is 
divided into two sets D1 and D2 according to each attribute of 
the sample. Then the change of the Gini index can be obtained 
and expressed as, 

Gini(D) -p*Gini(D1)-q*Gini(D2)                    (7) 
where p is percentage that D1 account for D, q is the 
percentage that D2 account for D. The purpose of the attempt 
to divide the node using each attribute is to find a partition, 
which is the biggest of Gini index change. Then the attribute 
value is used as the optimal branch. 
    2)  Random Forest 

Random forest algorithm is an ensemble learning algorithm 
[29] . It is the combination of many CARTs. The training 
samples for each tree are independent of each other. For each 
tree, it uses a training set that is sampled from the total 
training set with replacement. For each tree, about 37% of the 
original samples are not used. Training features for each tree 
are selected from the origin features randomly for a certain 
proportion. The final result of the random forest is, 
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where, H(x) represents the combination model; ()ih  is a single 

decision tree model; Y is the output variable; I  is the indicator 
function, which equals to 1 when ( )ih x Y= and to 0 otherwise. 

    3)  Support Vector Machine  
Support vector machine is a supervised learning model that 

analyzes data used for classification and regression analysis 
[30]. The learning strategy of support vector machine is to find 
the optimal hyper plane to maximize the classification 
interval. Consider a linear classifier function, 
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f ( ) T b= +x w x                                     (9) 

where w and b are parameters; x is the input feature vector. 
The optimization process is formulated as, 
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Where C is used to control the trade-off between the model 
complexity (first term) and empirical risk (second term). The 
slack variables ξi is the misclassification penalties for the 
samples of the training set that violate the constraints. For the 
low dimensional non separable problem, the SVM maps the 
sample space x to the high dimension space by the nonlinear 
transformation ( )xϕ  to make it linearly separable in the high 

dimension space. So it introduces the kernel function to solve 
the nonlinear classification problem. 
    4)  K Nearest Neighbors 

KNN is a simple and effective supervised learning 
algorithm [31]. It first calculates the similarity between the 
training samples and the sample to be predicted. In this paper, 
Euclidean distance is used as the measure of similarity. The 
Euclidean distance of vector x and y is defined as, 
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Then find the most similar K samples according to the 
distance and use the mode of the K samples to be the 
predicting class. 

 

III.  TWO-STAGE CLUSTERING ALGORITHM 

A.  Load Shape Indices 

The advantage of clustering based on the Euclidean distance 
of the full dimension load curve is to consider the values of 
the load curve under the full time period, with the most 
information. However, clustering based on load curves of the 
full dimension curves cannot fully guarantee the similarity of 
time series shapes, as the Euclidean distance only represents 
the similarity of geometric mean distance. Actually, not every 
point of the load curves is important in practice. Load shape 
indices can be derived from the load curve data to represent 
the load shape information and the key information that people 
care, such as peak load value, valley time value and load level 
at different system load pressure time: peak load time, valley 
load time, flat load time. Using the comprehensive load shape 
indices in clustering would be meaningful to obtain the key 
information of load curves. In this paper, five load shape 
indices are defined.   

Load factor can represent the peak load information and the 
whole load curve shape, which is defined as, 
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where Pav is the average load of all the day, Pmax is the 
maximum load of all the day. 

Peak valley factor that can denote variation interval of the 
load and is defined by, 
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where Pmin  is the minimum load of all the day. 
Peak load factor represents the average load level at system 

peak time, and can be defined as, 
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where Pav.peak is the average load during system's peak load 
time. In the study, 9:00-17:00 is the system’s peak load time. 

Flat load factor expresses the average load level at system 
flat time, represented by, 
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where Pav.flat is the average load during system’s flat load time. 
In the study, 6:00-9:00 and 17:00-21:00 are the system’s flat 
load times. 

Valley load factor represents the average load level at 
system valley time, which is defined by, 
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where Pav.valley is the average load during system’s flat load 
time. In the study, 0:00-6:00 and 21:00-24:00 are the system’s 
valley load times. 

B.  Algorithm Introduction  

The flow chart of the proposed two-stage algorithm is given 
in Fig. 1. Firstly, clustering results are obtained using 
clustering methods with different clustering nembers. 
Clustering method and number to get the result of first-stage 
are selected via the clustering evaluation index. Secondly, 
customers are reclassified using supervised learning 
algorithms based on load shape indices. 

 

 

 
Fig.1  The flow chart of the proposed two-stage clustering algorithm for 
electric load. 
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    1)  First Stage 
Typical load curve should be selected before clustering, 

which can be derived from the average value of the daily load 
curves for a period of time, or load curve at a typical day, such 
as, peak load day. The power consumption magnitudes of 
customers have great differences. Clustering customers should 
be on basis of the load shapes, not the absolute value. So load 
curves should be normalized before using clustering methods. 
Then different clustering algorithms with different clustering 
numbers are employed to cluster the full dimensions of the 
load curve. The clustering algorithm and the number of 
clusters used to obtain the final result are selected through the 
load clustering evaluation indices. 
    2)  Second Stage 

The basic idea of the reclassification of load is that if a 
given sample has low similarity with the samples of the same 
cluster, but has low similarity with the samples of a different 
cluster, then this sample should be reclassified to the cluster 
with high similarity. The reclassification algorithm is 
expressed as the following four steps,  
1.    Select the ith sample ( , )i ix y ,where ix is the input feature 

vector (load shape indices), iy is the class the sample 

belongs to at the first stage. 
2.    Use all the other loads without the ith sample as the 

training sample 1,{( , )}n
k k k k ix y = ≠  to train a classifier. 

3.    Reclassify the ith load is to the new class using the 
classifier in step 2. 

4.    Repeat the reclassification until all the load are 
reclassified 

 

IV.  CASE STUDY 

A.  Description of Experiments Data 

 In the study, daily load data of 10kV distribution network in 
a Chinese Southeast coastal city are utilized. Electric daily 
loads with 96 points of 2782 customers in a summer day are 
collected as the origin typical load curves. It should be 
emphasized that the dataset is much larger than previous 
literature and contains various kinds of customers including 
commercial, municipal, governmental, industrial, residential, 
institutional customers and even the street lamp. 

B.  Numerical Results and Analysis 

    1)  First Stage 
In this paper, we first use the full dimensional load curve 

clustering method to obtain preliminary results. Load curve 
data with missing value are eliminated and, 2672 load curves 
are remained. Each load curve is normalized using the peak 
load as the reference. Then K-means, FCM and Ward method 
are used to cluster the load curves with the cluster number 
from 4 to 25. MIA indicators of the clustering results of the 
three algorithms are shown in Fig. 2. As the clustering number 
grows to 8, the decreasing of the MIA becomes slow. So the 
K-means clustering algorithm with clustering number 8 is the 
knee of all the clustering results. In this paper, we choose the 
first stage result using K-means clustering algorithm with 
clustering number 8. The boxplots of the clustering results are 
shown in Fig. 3.The x axis denotes the number of the time 

period of the daily load curves. The y axis denotes the 
normalized load. It is the same with other load figures. 
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Fig. 2  Relationship between MIA index and number of clusters. 
 

 
Fig.3  Boxplots of first-stage clustering. 
 

    2)  Second Stage 
In this paper, the decision tree, random forest, SVM and 

KNN algorithm are used to carry out the second stage 
classification. For each sample, the left samples are used to 
train the classifier. Given the sample number N，to complete 
the reclassification of all the samples,  the training progress of 
the classifier should be implemented for N times. But for 
random forest algorithm, due to the repeatable sampling, for 
each tree, about 37% of origin sample are not used. In the 
study, all the samples are used to train a random forest and 
each sample is predicted using the trees whose training set do 
not contain this sample. It is the same meaning as the 
proposed method. Only single training process of random 
forest is needed to complete the second stage reclassification. 
KNN is an inert learning method, which does not need pre 
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training. SVM is chosen as the second stage reclassification 
algorithm due to its reliable performance in classification. 241 
loads are reclassified at the second stage. Figs. 4 and 5 show 
the load curves of type 1 reclassified to type 3 and type 4 (type 
1 only reclassified to these two types). Load in Fig. 3 has 
evening load, so it is more reasonable to be classified to type 
3. Load in Fig. 4 has night load, so it is more reasonable to be 
classified to type 4. To consider load shape indices, these 
customers can be reclassified more reasonable than the origin 
clustering results. 

 

 
Fig.4  Load curves of type 1 reclassified to type 3 

 

 
Fig.5  Load curves of type 1 reclassified to type 4 

C.  Comparison of Cluster Evaluation Indices 

The MIA value, defined in (5),  of the load shape indices is 
denoted as MIA1.The MIA value of the load curves is denoted 
as MIA2. MIA indices of load clustering only based on load 
curves and different supervised learning algorithms for the 
second stage load curve clustering are shown in Table I. It can 
be seen from Table I that the classic K-means method has the 
highest MIA1 with 0.07707 and the lowest MIA2 with 0.1507. 
After the second stage, all the performance of load shape 
indices are better than the origin method, but the performance 
of the load curves are slightly worse. Considering both the 
load shape index and the whole dimension load curve 
information, the final clustering results can be evaluated by 
MIA1*MIA2. The product is not as sensitive to the order of 
magnitude difference of different variables as summing. It can 
be seen from the Table I that the utilization of SVM for the 
two classification performs the best with the lowest 
MIA1*MIA2 of 0.01120, followed by KNN and random 
forest. It can be concluded that the proposed two-stage 
algorithm can improve the classification of load shape 
similarity in the clustering progress. 

 
TABLE I  

 COMPARISON OF MIA INDEXES 

Algorithm MIA1 MIA2 MIA1*MIA2 
K-means 0.07707 0.1507 0.01161 
Random Forest 0.07488 0.1518 0.01137 

SVM 0.07345 0.1525 0.01120 
kNN 0.07364 0.1541 0.01135 
CART 0.07430 0.1552 0.01153 

D.  Comparison of Computing Time 

The computing times of different supervised learning 
algorithms under different sample sizes are compared in Table 
II. The computation time of SVM algorithm is the longest at 
each sample size, 1310 times longer than random forest and 19 
times longer than KNN when sample size is 2500. Random 
forest algorithm uses out of bag data and it requires only one 
training time. Random forests have obvious advantages in the 
computational efficiency, about 85% shorter than the second 
shortest algorithm KNN. 

 
TABLE II   

COMPUTING TIME FOR DIFFERENT SUPERVISED LEARNING ALGORITHMS 

Reclassification 
method 

Sample size 
500 1000 1500 2000 2500 

Random Forest 0.29 0.55 0.91 1.34 1.62 
SVM 147.87 400.23 766.30 1341.53 2122.91 
KNN 1.06 3.28 5.45 7.96 11.52 

CART 4.13 16.07 35.47 60.81 106.26 

V.  CONCLUSION 

This paper presents a novel two-stage clustering method for 
classification of electric load curve. Firstly, clustering methods 
are based on the Euclidean distance of the load curve to get 
the initial results, and then supervised learning algorithm are 
used to reclassify the load based on comprehensive load shape 
factors defined in this paper. Different supervised learning 
algorithms are compared in improving the performance of 
load shape indices and the loss of the original curve 
information. Case studies demonstrate that SVM has better 
performance at the second stage. The computation efficiency 
of the reclassification method is also investigated at the second 
stage. SVM consumes the longest time, and random forest is 
the fastest. In general, the proposed method can improve the 
full dimensions load curve clustering in load shape similarity. 
Load can be reclassified more reasonable than the classic 
methods.  

REFERENCES 
[1] Q. Li, Z. Xu, and L. Yang, "Recent advancements on the development of 

microgrids," J. Mod. Power Syst. Clean Energy, vol. 2, no. 3, pp. 206-
211, Sep. 2014. 

[2]  I. D. d. C. Mendaza, I. G. Szczesny, J. R. Pillai, and B. Bak-Jensen, 
"Flexible demand control to enhance the dynamic operation of low 
voltage networks," IEEE Trans. Smart Grid, vol. 6, no. 2, pp. 705-715, 
Mar. 2015. 

[3] Y. Liang, L. He, X. Cao, and Z. J. Shen, "Stochastic control for smart 
grid users with flexible demand," IEEE Trans. Smart Grid, vol. 4, no. 4, 
pp. 2296-2308, Dec. 2013. 

[4] C. Wan, Z. Xu, Y. L. Wang, Z.Y. Dong, and K.P. Wong, “A hybrid 
approach for probabilistic forecasting of electricity price,” IEEE Trans. 
Smart Grid, vol. 5, no. 1, pp. 463-470, Jan. 2014. 

[5] C. Wan, M. Niu, Y. Song, and Z. Xu, “Pareto Optimal Prediction 
Intervals of Electricity Price,”  IEEE Trans. Power Syst., vol. PP, no.99, 
pp.1-3, 2016. 

[6] C. Wan, Z. Xu, P. Pinson, Z.Y. Dong, and K.P. Wong, “Probabilistic 
forecasting of wind power generation using extreme learning machine,” 
IEEE Trans. Power Syst.,vol.29, no.3, pp.1033-1044, May 2014. 

SmartGridComm2016-Special Session: Emerging techniques for system security and market management in smart grids



 6

[7] G. Chicco, R. Napoli, P. Postolache, M. Scutariu, and C. Toader, 
‘‘Customer characterization options for improving the tariff offer,’’ 
IEEE Trans. Power Syst., vol. 18, no. 1, pp. 381---387, Feb. 2003. 

[8] F. L. Quilumba, W.-J. Lee, H. Huang, D. Y. Wang, and R. L. 
Szabados,“Using smart meter data to improve the accuracy of intraday 
load forecasting considering customer behavior similarities,” IEEE 
Trans. Smart Grid, vol. 6, no. 2, pp. 911–918, Mar. 2015. 

[9] M. Espinoza, C. Joye, R. Belmans, and B. DeMoor, “Short-term load 
forecasting, profile identification, and customer segmentation: A 
methodology based on periodic time series,” IEEE Trans. Power 
Syst.,vol. 20, no. 3, pp. 1622–1630, Aug. 2005. 

[10] M. Chaouch, "Clustering-based improvement of nonparametric 
functional time series forecasting: Application to intra-day household-
level load curves," IEEE Trans. Smart Grid, vol. 5, no. 1, pp. 411-419, 
Jan. 2014. 

[11] R. F. Chang and C. N. Lu, “Load profiling and its applications in power 
market,” in Proc. IEEE Power Eng. Soc. General Meeting, Jul. 13–17, 
2003, vol. 2. 

[12] S. Valero, M. Ortiz, C. Senabre, C. Alvarez, F. J. G. Franco, and A. 
Gabaldon, “Methods for customer and demand response policies 
selection in new electricity markets,” IET Gen., Transm., Distrib., vol. 
1,no. 1, pp. 104–110, 2007. 

[13] H. T. Roh and J. W. Lee, "Residential demand response scheduling with 
multiclass appliances in the smart grid," IEEE Trans. Smart Grid, vol. 7, 
no. 1, pp. 94-104, Jan. 2016. 

[14] G. J. Tsekouras, N. D. Hatziargyriou, and E. N. Dialynas, “Two-stage 
pattern recognition of load curves for classification of electricity 
customers,”IEEE Trans. Power Syst., vol. 22, no. 3, pp. 1120–1128, 
Aug.2007. 

[15] N. M. Kohan, M. P. Moghaddam, S. M. Bidaki, and G. R. Yousefi, 
“Comparison of modified k-means and hierarchical algorithms in 
customers load curves clustering for designing suitable tariffs in 
electricity market,” in Proc. 43rd Int. Universities Power Engineering 
Conf., Padova, Italy, Sep. 1–4, 2008, pp. 1–5. 

[16] Z. Zakaria, K. L. Lo, and M. H. Sohod, “Application of fuzzy clustering 
to determine electricity consumers’ load profiles,” in Proc. IEEE Int. 
Power and Energy Conf., Putra Jaya, Malaysia, Nov. 28–29, 2006, 
pp.99–103. 

[17] B. Stephen, A. J. Mutanen, S. Galloway, G. Burt, and P. Jarventausta,“
Enhanced load profiling for residential customers,” IEEE Trans. Power 
Del., vol. 29, no. 1, pp. 88–96, Feb. 2014. 

[18] G. Chicco, R. Napoli, F. Piglione, M. Scutariu, P. Postolache, and C. 
Toader, “Emergent electricity customer classification,” Proc. Inst.Elect. 
Eng., Gen., Transm., Distrib., vol. 152, no. 2, pp. 164–172, Mar.2005. 

[19] G. Chicco, R. Napoli, and F. Piglione, “Comparisons among clustering 
techniques for electricity customer classification,” IEEE Trans. Power 
Syst., vol. 21, no. 2, pp. 933–940, May 2006. 

[20] S. V. Verdu, M. O. Garcia, C. Senabre, A. G. Marin, and F. J. G. Franco,
“Classification, filtering, and identification of electrical customer load 
patterns through the use of self-organizing maps,” IEEE Trans. Power 
Syst., vol. 21, no. 4, pp. 1672–1682, Nov. 2006. 

[21] G. Chicco and I. S. Ilie, “Support vector clustering of electrical load 
pattern data,” IEEE Trans. Power Syst., vol. 24, no. 3, pp. 1619–
1628,Aug. 2009. 

[22] J. Nagi, K. S. Yap, S. K. Tiong, S. K. Ahmed, and M. Mohamad, 
“Nontechnical loss detection for metered customers in power utility 
using support vector machines,” IEEE Trans. Power Del., vol. 25, no. 2, 
pp.1162–1171, Apr. 2010. 

[23] M Piao，HS Shon，JY Lee，KH Ryu, "Subspace Projection Method 
Based Clustering Analysis in Load Profiling," IEEE Trans. Power Syst., 
vol. 29, no. 6, pp. 2628-2635, Nov. 2014. 

[24] V. Figueiredo, F. Rodrigues, Z. Vale, and J. B. Gouveia, “An electric 
energy consumer characterization framework based on data mining 
techniques,” IEEE Trans. Power Syst., vol. 20, no. 2, pp. 596–602, May 
2005. 

[25] J. A. Hartigan and M. A. Wong, “Algorithm AS 136: A k-means 
clustering algorithm,” J. Roy. Statist. Soc. Series C (Appl. Statist.), vol. 
28, no. 1, pp. 100–108, 1979. 

[26] J. C. Bezdec, Pattern Recognition With Fuzzy Objective Function 
Algorithms.New York: Plenum, 1981. 

[27] Ward, J.H.: ‘Hierarchical grouping to optimise an objective function’, J. 
Am. Stat. Assoc., 1963, 58, pp. 236–244. 

[28] L. Breiman, J. Friedman, R. Olshen, and C. Stone, Classification 
and Regression Trees. Belmont, California: Wadsworth, 1984.  

[29] L. Breiman, “Random forests,” Mach. Learn., vol. 45, no. 1, pp. 5–
32, 2001 

[30] N. Cristianini and J. Shawe-Taylor, An Introduction to Support 
VectorMachines and Other Kernel-Based Learning Methods. 
Cambridge, U.K.: Cambridge Univ. Press, 2000. 

[31] T.M. Cover, and P. E. Hart, “Nearest Neighbor Pattern  
Classification,” IEEE Transaction on Information Theory, vol. 13, no. 
1, pp. 21-27, 1967. 
 
 

  
 

SmartGridComm2016-Special Session: Emerging techniques for system security and market management in smart grids



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.7
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /AbadiMT-CondensedLight
    /ACaslon-Italic
    /ACaslon-Regular
    /ACaslon-Semibold
    /ACaslon-SemiboldItalic
    /AdobeArabic-Bold
    /AdobeArabic-BoldItalic
    /AdobeArabic-Italic
    /AdobeArabic-Regular
    /AdobeHebrew-Bold
    /AdobeHebrew-BoldItalic
    /AdobeHebrew-Italic
    /AdobeHebrew-Regular
    /AdobeHeitiStd-Regular
    /AdobeMingStd-Light
    /AdobeMyungjoStd-Medium
    /AdobePiStd
    /AdobeSongStd-Light
    /AdobeThai-Bold
    /AdobeThai-BoldItalic
    /AdobeThai-Italic
    /AdobeThai-Regular
    /AGaramond-Bold
    /AGaramond-BoldItalic
    /AGaramond-Italic
    /AGaramond-Regular
    /AGaramond-Semibold
    /AGaramond-SemiboldItalic
    /AgencyFB-Bold
    /AgencyFB-Reg
    /AGOldFace-Outline
    /AharoniBold
    /Algerian
    /Americana
    /Americana-ExtraBold
    /AndaleMono
    /AndaleMonoIPA
    /AngsanaNew
    /AngsanaNew-Bold
    /AngsanaNew-BoldItalic
    /AngsanaNew-Italic
    /AngsanaUPC
    /AngsanaUPC-Bold
    /AngsanaUPC-BoldItalic
    /AngsanaUPC-Italic
    /Anna
    /ArialAlternative
    /ArialAlternativeSymbol
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialMT-Black
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialRoundedMTBold
    /ArialUnicodeMS
    /ArrusBT-Bold
    /ArrusBT-BoldItalic
    /ArrusBT-Italic
    /ArrusBT-Roman
    /AvantGarde-Book
    /AvantGarde-BookOblique
    /AvantGarde-Demi
    /AvantGarde-DemiOblique
    /AvantGardeITCbyBT-Book
    /AvantGardeITCbyBT-BookOblique
    /BakerSignet
    /BankGothicBT-Medium
    /Barmeno-Bold
    /Barmeno-ExtraBold
    /Barmeno-Medium
    /Barmeno-Regular
    /Baskerville
    /BaskervilleBE-Italic
    /BaskervilleBE-Medium
    /BaskervilleBE-MediumItalic
    /BaskervilleBE-Regular
    /Baskerville-Bold
    /Baskerville-BoldItalic
    /Baskerville-Italic
    /BaskOldFace
    /Batang
    /BatangChe
    /Bauhaus93
    /Bellevue
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlingAntiqua-Bold
    /BerlingAntiqua-BoldItalic
    /BerlingAntiqua-Italic
    /BerlingAntiqua-Roman
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BernhardModernBT-Bold
    /BernhardModernBT-BoldItalic
    /BernhardModernBT-Italic
    /BernhardModernBT-Roman
    /BiffoMT
    /BinnerD
    /BinnerGothic
    /BlackadderITC-Regular
    /Blackoak
    /blex
    /blsy
    /Bodoni
    /Bodoni-Bold
    /Bodoni-BoldItalic
    /Bodoni-Italic
    /BodoniMT
    /BodoniMTBlack
    /BodoniMTBlack-Italic
    /BodoniMT-Bold
    /BodoniMT-BoldItalic
    /BodoniMTCondensed
    /BodoniMTCondensed-Bold
    /BodoniMTCondensed-BoldItalic
    /BodoniMTCondensed-Italic
    /BodoniMT-Italic
    /BodoniMTPosterCompressed
    /Bodoni-Poster
    /Bodoni-PosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /Bookman-Demi
    /Bookman-DemiItalic
    /Bookman-Light
    /Bookman-LightItalic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolOne-Regular
    /BookshelfSymbolSeven
    /BookshelfSymbolThree-Regular
    /BookshelfSymbolTwo-Regular
    /Botanical
    /Boton-Italic
    /Boton-Medium
    /Boton-MediumItalic
    /Boton-Regular
    /Boulevard
    /BradleyHandITC
    /Braggadocio
    /BritannicBold
    /Broadway
    /BrowalliaNew
    /BrowalliaNew-Bold
    /BrowalliaNew-BoldItalic
    /BrowalliaNew-Italic
    /BrowalliaUPC
    /BrowalliaUPC-Bold
    /BrowalliaUPC-BoldItalic
    /BrowalliaUPC-Italic
    /BrushScript
    /BrushScriptMT
    /CaflischScript-Bold
    /CaflischScript-Regular
    /Calibri
    /Calibri-Bold
    /Calibri-BoldItalic
    /Calibri-Italic
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /CalisMTBol
    /CalistoMT
    /CalistoMT-BoldItalic
    /CalistoMT-Italic
    /Cambria
    /Cambria-Bold
    /Cambria-BoldItalic
    /Cambria-Italic
    /CambriaMath
    /Candara
    /Candara-Bold
    /Candara-BoldItalic
    /Candara-Italic
    /Carta
    /CaslonOpenfaceBT-Regular
    /Castellar
    /CastellarMT
    /Centaur
    /Centaur-Italic
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchL-Bold
    /CenturySchL-BoldItal
    /CenturySchL-Ital
    /CenturySchL-Roma
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /CGTimes-Bold
    /CGTimes-BoldItalic
    /CGTimes-Italic
    /CGTimes-Regular
    /CharterBT-Bold
    /CharterBT-BoldItalic
    /CharterBT-Italic
    /CharterBT-Roman
    /CheltenhamITCbyBT-Bold
    /CheltenhamITCbyBT-BoldItalic
    /CheltenhamITCbyBT-Book
    /CheltenhamITCbyBT-BookItalic
    /Chiller-Regular
    /Cmb10
    /CMB10
    /Cmbsy10
    /CMBSY10
    /CMBSY5
    /CMBSY6
    /CMBSY7
    /CMBSY8
    /CMBSY9
    /Cmbx10
    /CMBX10
    /Cmbx12
    /CMBX12
    /Cmbx5
    /CMBX5
    /Cmbx6
    /CMBX6
    /Cmbx7
    /CMBX7
    /Cmbx8
    /CMBX8
    /Cmbx9
    /CMBX9
    /Cmbxsl10
    /CMBXSL10
    /Cmbxti10
    /CMBXTI10
    /Cmcsc10
    /CMCSC10
    /Cmcsc8
    /CMCSC8
    /Cmcsc9
    /CMCSC9
    /Cmdunh10
    /CMDUNH10
    /Cmex10
    /CMEX10
    /CMEX7
    /CMEX8
    /CMEX9
    /Cmff10
    /CMFF10
    /Cmfi10
    /CMFI10
    /Cmfib8
    /CMFIB8
    /Cminch
    /CMINCH
    /Cmitt10
    /CMITT10
    /Cmmi10
    /CMMI10
    /Cmmi12
    /CMMI12
    /Cmmi5
    /CMMI5
    /Cmmi6
    /CMMI6
    /Cmmi7
    /CMMI7
    /Cmmi8
    /CMMI8
    /Cmmi9
    /CMMI9
    /Cmmib10
    /CMMIB10
    /CMMIB5
    /CMMIB6
    /CMMIB7
    /CMMIB8
    /CMMIB9
    /Cmr10
    /CMR10
    /Cmr12
    /CMR12
    /Cmr17
    /CMR17
    /Cmr5
    /CMR5
    /Cmr6
    /CMR6
    /Cmr7
    /CMR7
    /Cmr8
    /CMR8
    /Cmr9
    /CMR9
    /Cmsl10
    /CMSL10
    /Cmsl12
    /CMSL12
    /Cmsl8
    /CMSL8
    /Cmsl9
    /CMSL9
    /Cmsltt10
    /CMSLTT10
    /Cmss10
    /CMSS10
    /Cmss12
    /CMSS12
    /Cmss17
    /CMSS17
    /Cmss8
    /CMSS8
    /Cmss9
    /CMSS9
    /Cmssbx10
    /CMSSBX10
    /Cmssdc10
    /CMSSDC10
    /Cmssi10
    /CMSSI10
    /Cmssi12
    /CMSSI12
    /Cmssi17
    /CMSSI17
    /Cmssi8
    /CMSSI8
    /Cmssi9
    /CMSSI9
    /Cmssq8
    /CMSSQ8
    /Cmssqi8
    /CMSSQI8
    /Cmsy10
    /CMSY10
    /Cmsy5
    /CMSY5
    /Cmsy6
    /CMSY6
    /Cmsy7
    /CMSY7
    /Cmsy8
    /CMSY8
    /Cmsy9
    /CMSY9
    /Cmtcsc10
    /CMTCSC10
    /Cmtex10
    /CMTEX10
    /Cmtex8
    /CMTEX8
    /Cmtex9
    /CMTEX9
    /Cmti10
    /CMTI10
    /Cmti12
    /CMTI12
    /Cmti7
    /CMTI7
    /Cmti8
    /CMTI8
    /Cmti9
    /CMTI9
    /Cmtt10
    /CMTT10
    /Cmtt12
    /CMTT12
    /Cmtt8
    /CMTT8
    /Cmtt9
    /CMTT9
    /Cmu10
    /CMU10
    /Cmvtt10
    /CMVTT10
    /ColonnaMT
    /Colossalis-Bold
    /ComicSansMS
    /ComicSansMS-Bold
    /Consolas
    /Consolas-Bold
    /Consolas-BoldItalic
    /Consolas-Italic
    /Constantia
    /Constantia-Bold
    /Constantia-BoldItalic
    /Constantia-Italic
    /CooperBlack
    /CopperplateGothic-Bold
    /CopperplateGothic-Light
    /Copperplate-ThirtyThreeBC
    /Corbel
    /Corbel-Bold
    /Corbel-BoldItalic
    /Corbel-Italic
    /CordiaNew
    /CordiaNew-Bold
    /CordiaNew-BoldItalic
    /CordiaNew-Italic
    /CordiaUPC
    /CordiaUPC-Bold
    /CordiaUPC-BoldItalic
    /CordiaUPC-Italic
    /Courier
    /Courier-Bold
    /Courier-BoldOblique
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /Courier-Oblique
    /CourierStd
    /CourierStd-Bold
    /CourierStd-BoldOblique
    /CourierStd-Oblique
    /CourierX-Bold
    /CourierX-BoldOblique
    /CourierX-Oblique
    /CourierX-Regular
    /CreepyRegular
    /CurlzMT
    /David-Bold
    /David-Reg
    /DavidTransparent
    /Dcb10
    /Dcbx10
    /Dcbxsl10
    /Dcbxti10
    /Dccsc10
    /Dcitt10
    /Dcr10
    /Desdemona
    /DilleniaUPC
    /DilleniaUPCBold
    /DilleniaUPCBoldItalic
    /DilleniaUPCItalic
    /Dingbats
    /DomCasual
    /Dotum
    /DotumChe
    /DoulosSIL
    /EdwardianScriptITC
    /Elephant-Italic
    /Elephant-Regular
    /EngraversGothicBT-Regular
    /EngraversMT
    /EraserDust
    /ErasITC-Bold
    /ErasITC-Demi
    /ErasITC-Light
    /ErasITC-Medium
    /ErieBlackPSMT
    /ErieLightPSMT
    /EriePSMT
    /EstrangeloEdessa
    /Euclid
    /Euclid-Bold
    /Euclid-BoldItalic
    /EuclidExtra
    /EuclidExtra-Bold
    /EuclidFraktur
    /EuclidFraktur-Bold
    /Euclid-Italic
    /EuclidMathOne
    /EuclidMathOne-Bold
    /EuclidMathTwo
    /EuclidMathTwo-Bold
    /EuclidSymbol
    /EuclidSymbol-Bold
    /EuclidSymbol-BoldItalic
    /EuclidSymbol-Italic
    /EucrosiaUPC
    /EucrosiaUPCBold
    /EucrosiaUPCBoldItalic
    /EucrosiaUPCItalic
    /EUEX10
    /EUEX7
    /EUEX8
    /EUEX9
    /EUFB10
    /EUFB5
    /EUFB7
    /EUFM10
    /EUFM5
    /EUFM7
    /EURB10
    /EURB5
    /EURB7
    /EURM10
    /EURM5
    /EURM7
    /EuroMono-Bold
    /EuroMono-BoldItalic
    /EuroMono-Italic
    /EuroMono-Regular
    /EuroSans-Bold
    /EuroSans-BoldItalic
    /EuroSans-Italic
    /EuroSans-Regular
    /EuroSerif-Bold
    /EuroSerif-BoldItalic
    /EuroSerif-Italic
    /EuroSerif-Regular
    /EUSB10
    /EUSB5
    /EUSB7
    /EUSM10
    /EUSM5
    /EUSM7
    /FelixTitlingMT
    /Fences
    /FencesPlain
    /FigaroMT
    /FixedMiriamTransparent
    /FootlightMTLight
    /Formata-Italic
    /Formata-Medium
    /Formata-MediumItalic
    /Formata-Regular
    /ForteMT
    /FranklinGothic-Book
    /FranklinGothic-BookItalic
    /FranklinGothic-Demi
    /FranklinGothic-DemiCond
    /FranklinGothic-DemiItalic
    /FranklinGothic-Heavy
    /FranklinGothic-HeavyItalic
    /FranklinGothicITCbyBT-Book
    /FranklinGothicITCbyBT-BookItal
    /FranklinGothicITCbyBT-Demi
    /FranklinGothicITCbyBT-DemiItal
    /FranklinGothic-Medium
    /FranklinGothic-MediumCond
    /FranklinGothic-MediumItalic
    /FrankRuehl
    /FreesiaUPC
    /FreesiaUPCBold
    /FreesiaUPCBoldItalic
    /FreesiaUPCItalic
    /FreestyleScript-Regular
    /FrenchScriptMT
    /Frutiger-Black
    /Frutiger-BlackCn
    /Frutiger-BlackItalic
    /Frutiger-Bold
    /Frutiger-BoldCn
    /Frutiger-BoldItalic
    /Frutiger-Cn
    /Frutiger-ExtraBlackCn
    /Frutiger-Italic
    /Frutiger-Light
    /Frutiger-LightCn
    /Frutiger-LightItalic
    /Frutiger-Roman
    /Frutiger-UltraBlack
    /Futura-Bold
    /Futura-BoldOblique
    /Futura-Book
    /Futura-BookOblique
    /FuturaBT-Bold
    /FuturaBT-BoldItalic
    /FuturaBT-Book
    /FuturaBT-BookItalic
    /FuturaBT-Medium
    /FuturaBT-MediumItalic
    /Futura-Light
    /Futura-LightOblique
    /GalliardITCbyBT-Bold
    /GalliardITCbyBT-BoldItalic
    /GalliardITCbyBT-Italic
    /GalliardITCbyBT-Roman
    /Garamond
    /Garamond-Bold
    /Garamond-BoldCondensed
    /Garamond-BoldCondensedItalic
    /Garamond-BoldItalic
    /Garamond-BookCondensed
    /Garamond-BookCondensedItalic
    /Garamond-Italic
    /Garamond-LightCondensed
    /Garamond-LightCondensedItalic
    /Gautami
    /GeometricSlab703BT-Light
    /GeometricSlab703BT-LightItalic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /GeorgiaRef
    /Giddyup
    /Giddyup-Thangs
    /Gigi-Regular
    /GillSans
    /GillSans-Bold
    /GillSans-BoldItalic
    /GillSans-Condensed
    /GillSans-CondensedBold
    /GillSans-Italic
    /GillSans-Light
    /GillSans-LightItalic
    /GillSansMT
    /GillSansMT-Bold
    /GillSansMT-BoldItalic
    /GillSansMT-Condensed
    /GillSansMT-ExtraCondensedBold
    /GillSansMT-Italic
    /GillSans-UltraBold
    /GillSans-UltraBoldCondensed
    /GloucesterMT-ExtraCondensed
    /Gothic-Thirteen
    /GoudyOldStyleBT-Bold
    /GoudyOldStyleBT-BoldItalic
    /GoudyOldStyleBT-Italic
    /GoudyOldStyleBT-Roman
    /GoudyOldStyleT-Bold
    /GoudyOldStyleT-Italic
    /GoudyOldStyleT-Regular
    /GoudyStout
    /GoudyTextMT-LombardicCapitals
    /GSIDefaultSymbols
    /Gulim
    /GulimChe
    /Gungsuh
    /GungsuhChe
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /Helvetica
    /Helvetica-Black
    /Helvetica-BlackOblique
    /Helvetica-Bold
    /Helvetica-BoldOblique
    /Helvetica-Condensed
    /Helvetica-Condensed-Black
    /Helvetica-Condensed-BlackObl
    /Helvetica-Condensed-Bold
    /Helvetica-Condensed-BoldObl
    /Helvetica-Condensed-Light
    /Helvetica-Condensed-LightObl
    /Helvetica-Condensed-Oblique
    /Helvetica-Fraction
    /Helvetica-Narrow
    /Helvetica-Narrow-Bold
    /Helvetica-Narrow-BoldOblique
    /Helvetica-Narrow-Oblique
    /Helvetica-Oblique
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Humanist521BT-BoldCondensed
    /Humanist521BT-Light
    /Humanist521BT-LightItalic
    /Humanist521BT-RomanCondensed
    /Imago-ExtraBold
    /Impact
    /ImprintMT-Shadow
    /InformalRoman-Regular
    /IrisUPC
    /IrisUPCBold
    /IrisUPCBoldItalic
    /IrisUPCItalic
    /Ironwood
    /ItcEras-Medium
    /ItcKabel-Bold
    /ItcKabel-Book
    /ItcKabel-Demi
    /ItcKabel-Medium
    /ItcKabel-Ultra
    /JasmineUPC
    /JasmineUPC-Bold
    /JasmineUPC-BoldItalic
    /JasmineUPC-Italic
    /JoannaMT
    /JoannaMT-Italic
    /Jokerman-Regular
    /JuiceITC-Regular
    /Kartika
    /Kaufmann
    /KaufmannBT-Bold
    /KaufmannBT-Regular
    /KidTYPEPaint
    /KinoMT
    /KodchiangUPC
    /KodchiangUPC-Bold
    /KodchiangUPC-BoldItalic
    /KodchiangUPC-Italic
    /KorinnaITCbyBT-Regular
    /KristenITC-Regular
    /KrutiDev040Bold
    /KrutiDev040BoldItalic
    /KrutiDev040Condensed
    /KrutiDev040Italic
    /KrutiDev040Thin
    /KrutiDev040Wide
    /KrutiDev060
    /KrutiDev060Bold
    /KrutiDev060BoldItalic
    /KrutiDev060Condensed
    /KrutiDev060Italic
    /KrutiDev060Thin
    /KrutiDev060Wide
    /KrutiDev070
    /KrutiDev070Condensed
    /KrutiDev070Italic
    /KrutiDev070Thin
    /KrutiDev070Wide
    /KrutiDev080
    /KrutiDev080Condensed
    /KrutiDev080Italic
    /KrutiDev080Wide
    /KrutiDev090
    /KrutiDev090Bold
    /KrutiDev090BoldItalic
    /KrutiDev090Condensed
    /KrutiDev090Italic
    /KrutiDev090Thin
    /KrutiDev090Wide
    /KrutiDev100
    /KrutiDev100Bold
    /KrutiDev100BoldItalic
    /KrutiDev100Condensed
    /KrutiDev100Italic
    /KrutiDev100Thin
    /KrutiDev100Wide
    /KrutiDev120
    /KrutiDev120Condensed
    /KrutiDev120Thin
    /KrutiDev120Wide
    /KrutiDev130
    /KrutiDev130Condensed
    /KrutiDev130Thin
    /KrutiDev130Wide
    /KunstlerScript
    /Latha
    /LatinWide
    /LetterGothic
    /LetterGothic-Bold
    /LetterGothic-BoldOblique
    /LetterGothic-BoldSlanted
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LetterGothic-Slanted
    /LevenimMT
    /LevenimMTBold
    /LilyUPC
    /LilyUPCBold
    /LilyUPCBoldItalic
    /LilyUPCItalic
    /Lithos-Black
    /Lithos-Regular
    /LotusWPBox-Roman
    /LotusWPIcon-Roman
    /LotusWPIntA-Roman
    /LotusWPIntB-Roman
    /LotusWPType-Roman
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSans-Typewriter
    /LucidaSans-TypewriterBold
    /LucidaSans-TypewriterBoldOblique
    /LucidaSans-TypewriterOblique
    /LucidaSansUnicode
    /Lydian
    /Magneto-Bold
    /MaiandraGD-Regular
    /Mangal-Regular
    /Map-Symbols
    /MathA
    /MathB
    /MathC
    /Mathematica1
    /Mathematica1-Bold
    /Mathematica1Mono
    /Mathematica1Mono-Bold
    /Mathematica2
    /Mathematica2-Bold
    /Mathematica2Mono
    /Mathematica2Mono-Bold
    /Mathematica3
    /Mathematica3-Bold
    /Mathematica3Mono
    /Mathematica3Mono-Bold
    /Mathematica4
    /Mathematica4-Bold
    /Mathematica4Mono
    /Mathematica4Mono-Bold
    /Mathematica5
    /Mathematica5-Bold
    /Mathematica5Mono
    /Mathematica5Mono-Bold
    /Mathematica6
    /Mathematica6Bold
    /Mathematica6Mono
    /Mathematica6MonoBold
    /Mathematica7
    /Mathematica7Bold
    /Mathematica7Mono
    /Mathematica7MonoBold
    /MatisseITC-Regular
    /MaturaMTScriptCapitals
    /Mesquite
    /Mezz-Black
    /Mezz-Regular
    /MICR
    /MicrosoftSansSerif
    /MingLiU
    /Minion-BoldCondensed
    /Minion-BoldCondensedItalic
    /Minion-Condensed
    /Minion-CondensedItalic
    /Minion-Ornaments
    /MinionPro-Bold
    /MinionPro-BoldIt
    /MinionPro-It
    /MinionPro-Regular
    /Miriam
    /MiriamFixed
    /MiriamTransparent
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MonotypeSorts
    /MSAM10
    /MSAM5
    /MSAM6
    /MSAM7
    /MSAM8
    /MSAM9
    /MSBM10
    /MSBM5
    /MSBM6
    /MSBM7
    /MSBM8
    /MSBM9
    /MS-Gothic
    /MSHei
    /MSLineDrawPSMT
    /MS-Mincho
    /MSOutlook
    /MS-PGothic
    /MS-PMincho
    /MSReference1
    /MSReference2
    /MSReferenceSansSerif
    /MSReferenceSansSerif-Bold
    /MSReferenceSansSerif-BoldItalic
    /MSReferenceSansSerif-Italic
    /MSReferenceSerif
    /MSReferenceSerif-Bold
    /MSReferenceSerif-BoldItalic
    /MSReferenceSerif-Italic
    /MSReferenceSpecialty
    /MSSong
    /MS-UIGothic
    /MT-Extra
    /MTExtraTiger
    /MT-Symbol
    /MT-Symbol-Italic
    /MVBoli
    /Myriad-Bold
    /Myriad-BoldItalic
    /Myriad-Italic
    /Myriad-Roman
    /Narkisim
    /NewCenturySchlbk-Bold
    /NewCenturySchlbk-BoldItalic
    /NewCenturySchlbk-Italic
    /NewCenturySchlbk-Roman
    /NewMilleniumSchlbk-BoldItalicSH
    /NewsGothic
    /NewsGothic-Bold
    /NewsGothicBT-Bold
    /NewsGothicBT-BoldItalic
    /NewsGothicBT-Italic
    /NewsGothicBT-Roman
    /NewsGothic-Condensed
    /NewsGothic-Italic
    /NewsGothicMT
    /NewsGothicMT-Bold
    /NewsGothicMT-Italic
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NimbusMonL-Bold
    /NimbusMonL-BoldObli
    /NimbusMonL-Regu
    /NimbusMonL-ReguObli
    /NimbusRomNo9L-Medi
    /NimbusRomNo9L-MediItal
    /NimbusRomNo9L-Regu
    /NimbusRomNo9L-ReguItal
    /NimbusSanL-Bold
    /NimbusSanL-BoldCond
    /NimbusSanL-BoldCondItal
    /NimbusSanL-BoldItal
    /NimbusSanL-Regu
    /NimbusSanL-ReguCond
    /NimbusSanL-ReguCondItal
    /NimbusSanL-ReguItal
    /Nimrod
    /Nimrod-Bold
    /Nimrod-BoldItalic
    /Nimrod-Italic
    /NSimSun
    /Nueva-BoldExtended
    /Nueva-BoldExtendedItalic
    /Nueva-Italic
    /Nueva-Roman
    /NuptialScript
    /OCRA
    /OCRA-Alternate
    /OCRAExtended
    /OCRB
    /OCRB-Alternate
    /OfficinaSans-Bold
    /OfficinaSans-BoldItalic
    /OfficinaSans-Book
    /OfficinaSans-BookItalic
    /OfficinaSerif-Bold
    /OfficinaSerif-BoldItalic
    /OfficinaSerif-Book
    /OfficinaSerif-BookItalic
    /OldEnglishTextMT
    /Onyx
    /OnyxBT-Regular
    /OzHandicraftBT-Roman
    /PalaceScriptMT
    /Palatino-Bold
    /Palatino-BoldItalic
    /Palatino-Italic
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Palatino-Roman
    /PapyrusPlain
    /Papyrus-Regular
    /Parchment-Regular
    /Parisian
    /ParkAvenue
    /Penumbra-SemiboldFlare
    /Penumbra-SemiboldSans
    /Penumbra-SemiboldSerif
    /PepitaMT
    /Perpetua
    /Perpetua-Bold
    /Perpetua-BoldItalic
    /Perpetua-Italic
    /PerpetuaTitlingMT-Bold
    /PerpetuaTitlingMT-Light
    /PhotinaCasualBlack
    /Playbill
    /PMingLiU
    /Poetica-SuppOrnaments
    /PoorRichard-Regular
    /PopplLaudatio-Italic
    /PopplLaudatio-Medium
    /PopplLaudatio-MediumItalic
    /PopplLaudatio-Regular
    /PrestigeElite
    /Pristina-Regular
    /PTBarnumBT-Regular
    /Raavi
    /RageItalic
    /Ravie
    /RefSpecialty
    /Ribbon131BT-Bold
    /Rockwell
    /Rockwell-Bold
    /Rockwell-BoldItalic
    /Rockwell-Condensed
    /Rockwell-CondensedBold
    /Rockwell-ExtraBold
    /Rockwell-Italic
    /Rockwell-Light
    /Rockwell-LightItalic
    /Rod
    /RodTransparent
    /RunicMT-Condensed
    /Sanvito-Light
    /Sanvito-Roman
    /ScriptC
    /ScriptMTBold
    /SegoeUI
    /SegoeUI-Bold
    /SegoeUI-BoldItalic
    /SegoeUI-Italic
    /Serpentine-BoldOblique
    /ShelleyVolanteBT-Regular
    /ShowcardGothic-Reg
    /Shruti
    /SILDoulosIPA
    /SimHei
    /SimSun
    /SimSun-PUA
    /SnapITC-Regular
    /StandardSymL
    /Stencil
    /StoneSans
    /StoneSans-Bold
    /StoneSans-BoldItalic
    /StoneSans-Italic
    /StoneSans-Semibold
    /StoneSans-SemiboldItalic
    /Stop
    /Swiss721BT-BlackExtended
    /Sylfaen
    /Symbol
    /SymbolMT
    /SymbolTiger
    /SymbolTigerExpert
    /Tahoma
    /Tahoma-Bold
    /Tci1
    /Tci1Bold
    /Tci1BoldItalic
    /Tci1Italic
    /Tci2
    /Tci2Bold
    /Tci2BoldItalic
    /Tci2Italic
    /Tci3
    /Tci3Bold
    /Tci3BoldItalic
    /Tci3Italic
    /Tci4
    /Tci4Bold
    /Tci4BoldItalic
    /Tci4Italic
    /TechnicalItalic
    /TechnicalPlain
    /Tekton
    /Tekton-Bold
    /TektonMM
    /Tempo-HeavyCondensed
    /Tempo-HeavyCondensedItalic
    /TempusSansITC
    /Tiger
    /TigerExpert
    /Times-Bold
    /Times-BoldItalic
    /Times-BoldItalicOsF
    /Times-BoldSC
    /Times-ExtraBold
    /Times-Italic
    /Times-ItalicOsF
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Times-RomanSC
    /Trajan-Bold
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga-Regular
    /TwCenMT-Bold
    /TwCenMT-BoldItalic
    /TwCenMT-Condensed
    /TwCenMT-CondensedBold
    /TwCenMT-CondensedExtraBold
    /TwCenMT-CondensedMedium
    /TwCenMT-Italic
    /TwCenMT-Regular
    /Univers-Bold
    /Univers-BoldItalic
    /UniversCondensed-Bold
    /UniversCondensed-BoldItalic
    /UniversCondensed-Medium
    /UniversCondensed-MediumItalic
    /Univers-Medium
    /Univers-MediumItalic
    /URWBookmanL-DemiBold
    /URWBookmanL-DemiBoldItal
    /URWBookmanL-Ligh
    /URWBookmanL-LighItal
    /URWChanceryL-MediItal
    /URWGothicL-Book
    /URWGothicL-BookObli
    /URWGothicL-Demi
    /URWGothicL-DemiObli
    /URWPalladioL-Bold
    /URWPalladioL-BoldItal
    /URWPalladioL-Ital
    /URWPalladioL-Roma
    /USPSBarCode
    /VAGRounded-Black
    /VAGRounded-Bold
    /VAGRounded-Light
    /VAGRounded-Thin
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VerdanaRef
    /VinerHandITC
    /Viva-BoldExtraExtended
    /Vivaldii
    /Viva-LightCondensed
    /Viva-Regular
    /VladimirScript
    /Vrinda
    /Webdings
    /Westminster
    /Willow
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /WNCYB10
    /WNCYI10
    /WNCYR10
    /WNCYSC10
    /WNCYSS10
    /WoodtypeOrnaments-One
    /WoodtypeOrnaments-Two
    /WP-ArabicScriptSihafa
    /WP-ArabicSihafa
    /WP-BoxDrawing
    /WP-CyrillicA
    /WP-CyrillicB
    /WP-GreekCentury
    /WP-GreekCourier
    /WP-GreekHelve
    /WP-HebrewDavid
    /WP-IconicSymbolsA
    /WP-IconicSymbolsB
    /WP-Japanese
    /WP-MathA
    /WP-MathB
    /WP-MathExtendedA
    /WP-MathExtendedB
    /WP-MultinationalAHelve
    /WP-MultinationalARoman
    /WP-MultinationalBCourier
    /WP-MultinationalBHelve
    /WP-MultinationalBRoman
    /WP-MultinationalCourier
    /WP-Phonetic
    /WPTypographicSymbols
    /XYATIP10
    /XYBSQL10
    /XYBTIP10
    /XYCIRC10
    /XYCMAT10
    /XYCMBT10
    /XYDASH10
    /XYEUAT10
    /XYEUBT10
    /ZapfChancery-MediumItalic
    /ZapfDingbats
    /ZapfHumanist601BT-Bold
    /ZapfHumanist601BT-BoldItalic
    /ZapfHumanist601BT-Demi
    /ZapfHumanist601BT-DemiItalic
    /ZapfHumanist601BT-Italic
    /ZapfHumanist601BT-Roman
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 2.00333
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 2.00333
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00167
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata pogodnih za pouzdani prikaz i ispis poslovnih dokumenata koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /ENU (Use these settings to create Adobe PDF documents suitable for reliable viewing and printing of business documents.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


